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1. Introduction

Did the Affordable Care Act’s (ACA) historic expansion of Medicaid enlarge the program’s

focus from public assistance to additionally include providing stop-gap health coverage to a

broader population? In this paper, we study how the Medicaid expansion affects coverage

volatility for those who involuntarily lose their private employer health insurance due to job

loss. Coverage volatility compromises individual health and elevates the risk of financial set-

backs (see, for example, Cutler and Gelber, 2009; Guevara et al., 2014; Gai and Jones, 2020),

which can be especially salient following a sudden job loss. While access to Medicaid miti-

gates such coverage volatility, many households were ineligible prior to the ACA’s expansion

of Medicaid benefits. Yet, the risk of coverage volatility is one facing the general population

as most Americans access health insurance through employment (Lurie and Pearce, 2021),

and as a result, face coverage uncertainty due to cyclical labor markets. The ACA’s Medicaid

expansion created scope to considerably ease this volatility because the new eligibility guide-

lines extended benefits to many who experience job loss; but, whether the Medicaid expansion

benefited this broader population remains an open question.

For our analysis, we make use of novel administrative tax data that reports monthly in-

formation on the source of health insurance coverage at the individual level for the U.S. pop-

ulation. In 2016 alone we observe roughly 11 million individuals who separate from their

employer plan, 1.6 million of whom are unemployed. We document several stylized facts

about insurance transitions among the unemployed population, expanding our understand-

ing of coverage dynamics that had been previously unobservable on a large-scale basis. We

then estimate the effect of expanded Medicaid access on coverage dynamics by leveraging

the quasi-natural variation provided by the 2019 Virginia Medicaid expansion. Overall, our
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work uses millions of observations to highlight the expanded role of Medicaid as a crucial

component to a broad social safety net.

We focus on the population of policyholders aged 18 to 62 who lose employer coverage

and simultaneously claim unemployment benefits; this latter restriction focuses our analysis on

those more likely to have lost both their employment and insurance coverage unexpectedly.1 In

2016, our data include more than 1.6 million policyholders, for whom we observe longitudinal

monthly coverage data spanning the twenty-four months following their coverage loss. We

then link to individual tax return data to capture information about the policyholder, including

employment status, earnings, age, marital status, gender, and geographic location.

We use these data to characterize coverage dynamics among those experiencing unex-

pected job and coverage loss. First, the average duration of uninsurance is 4.9 months. Sec-

ond, 6 percent of those dropping coverage fail to regain coverage within two years, implying

the existence of some longer run persistence in uninsurance. Third, Medicaid serves as the

first source of new coverage for nearly one-quarter of those who become unemployed. Fourth,

those living in states with expanded Medicaid access are 37 percent more likely to regain

coverage, all else equal.

Having established these baseline statistics, we next leverage quasi-natural policy varia-

tion to estimate the effect of the ACA’s Medicaid expansion on both the likelihood and dura-

tion of uninsurance. We study the 2019 Virginia Medicaid Expansion using a difference-in-

differences model that compares post-separation coverage dynamics of (1) those separating

from an employer policy in Virginia before and after the Medicaid expansion to (2) those

who separated concurrently in states without expanded Medicaid.2 This setting allows for

1As we explain later, we characterize policyholders as unemployed if they receive unemployment income,
reported on Form 1099-G, in the year of or in the year after they separate from an employer plan.

2During our sample period, two states expanded Medicaid: Virginia and Louisiana. Due to data limitations
impacting Louisiana, we focus our analysis on the Medicaid expansion in Virginia.
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an estimation the effects of increasing Medicaid access to the unemployed while simultane-

ously controlling for other time-invariant factors that could also influence coverage dynamics.

We find that the Virginia Medicaid expansion increased the likelihood of regaining coverage

within the following year by 17% and reduced the duration of uninsurance by 12%. Individu-

als are 1.5 times more likely to transition to Medicaid as a first source of coverage in Virginia

due to the expansion. Further, the effects are concentrated among low-wage workers who were

33% more likely to regain coverage in the year of their job loss.

Finally, we explore heterogeneity by gender and marital status as these demographic char-

acteristics affect the likely impact of a Medicaid expansion. In particular, married individuals

who are eligible for spousal coverage have an additional means through which to obtain insur-

ance, and therefore, may be less responsive to increased Medicaid access. Women, however,

have higher utilization of health care (Bertakis et al., 2000) and, therefore, may be more im-

pacted by increasing Medicaid access. Consistent with this, we find that both margins are

important for how increased access to Medicaid impacts coverage dynamics. Women are 21%

more likely to find coverage by the end of the year compared to men, who are 13% more

likely to find coverage. Similarly, unmarried individuals are 25% more likely to find coverage

compared to the 5% estimate for married individuals, which is not statistically significant.

Overall, our research uses high-quality administrative data covering the U.S. population to

highlight how the ACA’s Medicaid expansion provides stop-gap coverage to a broader popula-

tion. Insurance instability has long been a concern among policymakers; plan transitions and

gaps in coverage are costly from both a health and a monetary standpoint (Roberts and Pollack,

2016; Gai and Jones, 2020; Kressin et al., 2020). While a deep empirical literature studies the

effects of Medicaid — including the topic of insurance instability — this body of work has

relied on small-scale survey data and is primarily focused on how this public assistance pro-

gram benefits the chronically low-income population (see, for example, Swartz, Marcotte and
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McBride, 1993; Swartz and McBride, 1990; Fairlie and London, 2008; Schaller and Stevens,

2015; Schaller and Zerpa, 2019; East and Simon, 2022). We show that Medicaid also provides

benefits to those who lose their job and, as a result, access to their employer plan. In this way,

the ACA widened the Medicaid safety net through its ability to help stabilize coverage for the

majority of Americans who typically rely on their employers for health insurance and perhaps

also by playing a role in broader employment decisions where the unemployed are able be

more selective in their job pursuits.

2. Background

2.1. Sources of Health Insurance Coverage in the US

The two largest sources for public health insurance in the United States are Medicare, which

serves as a single-payer insurance system for adults above 65, and Medicaid, which provides

no-cost insurance to eligible, low-income adults and their children. Medicare is managed by

the federal government, whereas Medicaid is managed in collaboration between federal and

state governments. This co-administration of Medicaid leads to varying eligibility standards

across states, which are determined by factors such as monthly income, assets, and household

composition.

Given Medicaid’s eligibility criteria, which is based on monthly income that can be volatile,

and the frequent eligibility determinations conducted by state Medicaid offices, low-income

individuals are observed to “churn” in and out of eligibility over time. For example, the Kaiser

Foundation estimates that during 2018 — nearly a decade after the Affordable Care Act (ACA)

was signed into law — roughly 10% of Medicaid enrollees were disenrolled from Medicaid

but subsequently re-enrolled within one year (Corallo et al., 2021). In some cases, individuals
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may have what is referred to as “latent eligibility” for Medicaid. This term captures those

individuals who meet the eligibility criteria for Medicaid but who are not enrolled or aware

of their eligibility at the time they receive medical services. In this case, if they subsequently

enroll in Medicaid, or if a social worker or case worker completes enrollment on their be-

half, their coverage can be retroactively extended to cover medical expenses incurred prior to

application during periods of latent eligibility.

The majority of Americans are covered by private insurance, which is most commonly

accessed through employers who sponsor tax-subsidized group insurance for their employ-

ees.3 Access to such health insurance policies are generally offered as part of a compensation

package, and employers may choose to pay a portion (or all) of the plan’s monthly premium.

Individuals who are not offered access to employer health plans and are not eligible for public

insurance plans can purchase coverage in what is known as the non-group market.

The ACA notably introduced financial incentives to allow states to expand access to Medi-

caid by increasing the eligibility threshold to 138% of the Federal Poverty Level for all adults;

25 states introduced a Medicaid expansion concurrent with the other provisions of the ACA

that came online in 2014. The ACA introduced a host of new regulations, including that large

employers must offer affordable insurance coverage to their employees or else face a penalty.

In addition, the ACA expanded access to non-group private insurance by creating subsidized

marketplaces where individuals without access to an employer plan and ineligible for Medi-

caid could purchase insurance.

Similar to Medicaid, coverage instability is a risk for individuals with private insurance.

However, instability in private coverage, which includes both intensive margin (who provides

coverage and the amount of coverage) and extensive margin changes (whether someone has

3We define employer health plans as coverage obtained through one’s own or one’s spouse’s employer,
including multi-employer plan and Small Business Health Options Program (SHOP) plans.
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any coverage) changes, likely results from a number of different channels. Most notably

for this population, labor market dynamics, including voluntary or involuntary job changes,

can force an employee to separate from their private employer policy. Indeed, prior to the

ACA’s enactment, job loss was associated with a nearly 20 percentage point increase in the

subsequent likelihood of uninsurance. (Schaller and Stevens, 2015; Schaller and Zerpa, 2019;

East and Simon, 2022). Alternatively, if an employee’s hours are reduced (voluntarily or not),

then they may no longer qualify for health coverage despite remaining employed. Employees

may also choose to change their plan type or insurer during open enrollment or may switch

to dependent coverage through a spouse or partner; each of these adjustments will result in

coverage instability on the intensive margin.

2.2. Related Literature: Insurance Instability and Coverage Dynamics

A number of past studies have explored the extent of insurance instability in the U.S, especially

prior to the enactment of the ACA. These studies use survey data and focus on the character-

istics and duration of uninsurance spells (Swartz, Marcotte and McBride, 1993; Swartz and

McBride, 1990; Fairlie and London, 2008; Einav and Finkelstein, 2023; Schaller and Stevens,

2015; Schaller and Zerpa, 2019; East and Simon, 2022). Early work from Swartz and McBride

(1990), using data from the 1984 Survey of Income and Program Participation (SIPP), finds

that roughly half of all uninsured spells end within four months . Cutler and Gelber (2009),

using SIPP data covering the periods 1983–1986 and 2001–2004, show that the likelihood of

losing any coverage grew from 19.8% to 21.4% from the 1980s to the early 2000s . They ad-

ditionally show that shorter periods of uninsurance were associated with transitions to public

insurance in the early 2000s.
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More recent work studies changes in coverage dynamics that arose after the enactment

of the the ACA. Using data from the Medical Expenditure Panel Survey (MEPS), Graves

and Nikpay (2017) show that transitions made by the uninsured to private and public cover-

age increased after the health care expansion. Vistnes and Cohen (2018) uses the Household

Component of the MEPS (MEPS-HC) and shows that uninsurance spell duration declined in

2014–15, after the implementation of the ACA, relative to 2012–2013. Agarwal and Sommers

(2020) use MEPS data to measure the effects of the ACA on those experiencing job loss be-

fore and after the policy change. Finally, Gai and Jones (2020) use the MEPS to describe early

changes in insurance instability across different types of coverage with the implementation of

the ACA.

An important caveat of these studies lies in the data limitations of survey data, which gen-

erally preclude a causal analysis of the effect of the ACA. For instance, the MEPS survey is

designed to be nationally representative rather than representative at the state level. Conse-

quently, these data are ill-suited for conducting state-level analyses, where significant variation

in Medicaid access exists. Moreover, the sample size of any single MEPS panel, consisting of

roughly 13,000 families and 30,000 individuals, is too small to permit an analysis of sudden

policy separations resulting from job loss — a meaningful trigger for insurance loss (Fairlie

and London, 2008; Schaller and Stevens, 2015; Schaller and Zerpa, 2019; East and Simon,

2022).

The SIPP provides an alternative source of longitudinal health insurance coverage data.

However, this survey, while similar in sample sizes to the MEPS, suffers from a well-known

“seam bias.” This bias occurs when changes in coverage within the reference period are under-

reported, and too many transitions occur between interview rounds. It is particularly serious

when studying duration data, which is the focus of this paper (Ham, Li and Shore-Sheppard,

2009).
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To address these limitations, we contribute to this literature by leveraging novel admin-

istrative tax data. This newly available data includes coverage reporting and state variation,

allowing us to provide causal estimates of the effect of Medicaid expansion for those who lose

health coverage due to unemployment.

3. Identifying Employer Plan Separations Using US Tax Data

The Affordable Care Act imposed new regulations requiring insurers and employers to report

individual health insurance coverage to the IRS. This information is documented on Forms

1095-A, 1095-B, and 1095-C. Specifically, Form 1095-A captures monthly coverage acquired

through insurance policies purchased on the ACA-created state and federal marketplaces,

Form 1095-B captures monthly coverage acquired through government programs like Medi-

care and Medicaid, and both Forms 1095-B and 1095-C capture monthly coverage acquired

through private policies, including employer-provided health insurance.4 Each form reports

which individuals, both policy holders and dependent beneficiaries, are associated with a par-

ticular policy in a given tax year. We exploit the high-frequency and longitudinal nature of

these data to provide a comprehensive analysis of private health coverage dynamics within the

U.S.

3.1. Data Construction

Although reporting requirements began in tax year 2014, transition rules for the first year of

the Affordable Care Act offered reporting relief. As such, we begin by identifying individuals

4We define employer plans based the presence of Form 1095-C, which is used by employers who qualify as
an Applicable Large Employer (ALE), or based on the following 1095-B, line 8 codes: code A (Small Business
Health Options Program); code B (Employer-sponsored coverage); or code E (multi-employer plans). See Lurie
and Pearce (2021) for a more detailed description of these tax forms.
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who separate from an employer plan in 2016 to allow one full year of observations prior to

separation, and we construct an individual-level panel dataset describing monthly coverage

information surrounding their plan separation.We require that individuals were covered by the

same policy for at least twelve months prior to focus on well-attached policyholders. Con-

ditional on twelve months of continuous enrollment, we then define an individual as having

separated from their employer plan in month m if they are covered in month m according to

a single Form 1095-B or Form 1095-C, but not covered in the next month, m+1.5 Next, we

combine information from all three 1095 Forms across multiple tax years to create a panel of

monthly coverage for these individuals; this panel contains coverage information the twelve

months prior to the employer plan separation through twenty-four months after. We classify

those who are not identified on any Form 1095 in month m as uncovered.6

For all of our analyses, we condition the sample to policyholders between ages 18 and 62

at the time of separation. This ensures that policyholders who experience a separation do not

subsequently transition to Medicare during their twenty-four month post-separation period.7

Finally, we incorporate into our analysis information describing an individual’s geographic

location, unemployment compensation, and wages using additional tax data. Geographic lo-

cation is determined based on the address information reported on the Form 1095s. Unem-

5Each form reports individual coverage for a single tax year, from January–December. Using these forms, we
identify individuals who separate from their employer plan by comparing monthly coverage over the year. This
sample identification comes with one limitation: we do not identify those who separate in December, because
that would require a comparison of monthly coverage across two different tax years, which is outside of the scope
of our data construction.

6When employment is terminated, covered individuals are permitted to continue health insurance coverage
for a limited period of time on their original employer plan under COBRA (Consolidated Omnibus Budget
Reconciliation Act). These former employees must opt-in within three months of termination to continue on
the same plan and are responsible for both the employer and employee portion of their monthly premium. This
coverage is known as COBRA coverage. COBRA coverage can continue for 18–36 months, depending upon the
circumstances surrounding the termination of employment. Our data cannot not distinguish between months of
COBRA coverage and months of coverage provided through employment because an individual’s plan does not
change under COBRA—the only change is to who pays for the premium. Our data will identify the month in
which a previously covered employee moves to a new plan or becomes uncovered following a lapse in COBRA
coverage.

7Information on age and gender are provided to the IRS by the Social Security Administration (SSA).
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ployment compensation (UI benefits) is reported on Form 1099-G, and wage data is reported

on Form W-2. Finally, we determine marital status, household size, and household income

from information reported on Form 1040 in the year prior to a plan separation.

3.2. 2016 Summary Statistics

Column (1) of Table 1 reports summary statistics for the population of policyholders who

separated from their employer plan in 2016 after having been covered by that plan for at least

one year. These 10.6 million policyholders comprise roughly 8% of the 132 million people

who were covered by an employer health plan in 2016 (Lurie and Pearce, 2021).

Overall, policyholders who separate from an employer plan are more likely to be male

and unmarried. The majority are aged 26 to 44, when typical life-cycle changes create higher

employment volatility. They earned an average of $62,093 in wages in the year prior to sepa-

ration (2015); by comparison, the median household income that year was $56,516 (Proctor,

Semega and Kollar, 2016). Finally, 15.3% claimed UI benefits.

Column (1) also describes households’ average Modified Adjusted Gross Income (MAGI)

as a share of the Federal Poverty Limit (FPL) in 2015.8 This benchmark takes into account

household composition and determines eligibility for both Medicaid and subsidized market-

place coverage. Individuals with a MAGI less than 138% of the FPL are eligible for Medicaid

in expansion states, while individuals with a MAGI between 138% and 400% of the FPL

are likely to be eligible for a Premium Tax Credit (PTC) that offset the cost of purchasing

health insurance through the marketplace.9 The distribution of MAGI as a share of FPL in the
8The Poverty Guidelines are issued each year by the Department of Health and Human Services (HHS) and

are used for administrative purposes to determine eligibility for certain programs. In 2015, the poverty threshold
for a single-person household was set to $11,770. A four-person household faced a poverty threshold of $24,250.
Full details of the 2015 poverty guideline appeared in the Federal Register on January 22, 2015.

9Note that the PTC amount is based on the difference between a reference premium policy, known as the
second lowest cost silver plan (SLCSP), and the maximum required contribution the household is needs to pay
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year before a policy separation implies that roughly 10% of these policyholders would have

qualified for Medicaid in an expansion state and 46.9% would have otherwise qualified for a

Premium Tax Credit.

3.3. Survey Data on Coverage Dynamics

While these administrative data are a relatively new resource, a number of publicly available

survey data have been used in the past to study health insurance coverage. In general, many

cross-sectional surveys, including the American Community Survey, the Current Population

Survey, and the National Health Interview Survey, provide a measure of coverage during a

reference period— for example “ever covered in the past year.” These point-in-time measures

can mask considerable coverage instability that occurs throughout the year, making them less

useful for studying high-frequency transitions (Gai and Jones, 2020).

To our knowledge, only two public use surveys, the Medical Expenditure Panel Survey

(MEPS) and the Survey of Income and Program Participation (SIPP), contain within year lon-

gitudinal coverage information detailing the source of coverage (e.g., private or public). How-

ever, neither survey is well-suited to study the monthly coverage observed in the administrative

data. In addition, these surveys lack detailed information at the plan level. Without such iden-

tifiers, within-type transitions including—for example, transitions from one employer plan to

another—are unobservable. By comparison, administrative tax data are reported at the plan

level, allowing for a more comprehensive analysis in general of coverage instability.10

In addition, the sample size of both the MEPS and SIPP surveys are several orders of

magnitude smaller than the tax data, making it difficult to estimate statistics about population-

for premiums. Hence, some people in the 138% to 400% of FPL might not get PTC if their required contributions
exceed the SLCSP.

10While the tax data contain most coverage transitions, certain within-insurer plan changes, such as moving
from a high deductible plan to a Health Maintenance Organization offered by the same provider are unobserved.
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level employer plan separation and post-separation coverage dynamics with precision. The

2016 MEPS data, for example, include roughly 7,000 employer plan policyholders aged 18–

62, of which 700 experience a change in coverage that year. Similarly, the 2014 SIPP includes

roughly 8,000 employer plan policyholders aged 18–62 in its fourth wave, with 750 of that

group experiencing a coverage transition in 2016. As previously described, the SIPP also

suffers from a well known “seam” bias, where respondents are asked to report monthly health

insurance over a lengthy backward looking period and, as a result, tend to report more changes

in coverage toward the beginning of each interview period (Gai and Jones, 2020). Adminis-

trative tax data, by comparison, identify nearly 11 million instances in which a policyholder

separates from an employer plan each year and do not suffer from recall bias like seam bias.

As a result, the tax permits a more in-depth analysis allowing for an exploration of results

along different dimensions of heterogeneity.

Finally, both the MEPS and the SIPP are designed to be nationally representative, com-

plicating analyses of state-based Medicaid expansions.11 The tax data, which contain precise

geographic identifiers, provide an opportunity to exploit these state-level experiments.

Section 4 starts by providing a more general descriptive of coverage dynamics for the pop-

ulation of those who likely experienced an exogenous loss in coverage, i.e. the unemployed.

Then in Section 5, we will utilize state level variation to estimate the causal effects of increased

Medicaid access on high frequency coverage dynamics based variation created by Virginia.

11We note that the 2014 SIPP includes a large enough sample to be representative at the state level for the
four largest states (CA, NY, FL, and TX).
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4. Uninsurance Dynamics After Job Loss

4.1. Policy Separations Due to Unemployment

The data described above includes all policyholders who separate from an employer plan,

regardless of why the separation occurred. However, the decision to regain coverage can be

endogenous to the reason for the policy separation itself. For example, policyholders may

choose to drop coverage in coordination with changes to ex-ante expectations of their medical

expenditures, which would in turn influence how quickly they regain coverage. While the

data do not allow us to identify those who exogenously separate from their policy, we can

identify a subsample who is more likely to have experienced an unexpected loss in coverage

by leveraging unemployment benefits tax reporting.12 Typically, employees are only eligible

to claim unemployment benefits if they are terminated due to layoffs, changes in business

conditions, or a business closure. We hypothesize that individuals who separated from their

plan and also received unemployment income were less likely to have coordinated their policy

separation.

We characterize our policyholders as unemployed if they received unemployment insur-

ance income (UI) as observed through third party reporting (Form 1099-G) in the year of, or

the year after, a policy separation. We include two years of UI reporting to allow for delays

in filing unemployment claims that can push the receipt of benefits to the next calendar year.

This is especially likely for those who lose their job closer to the end of the year.

12While mass layoffs or plant closures could presumably identify more plausibly exogenous job loss, these
events are not ideally suited to our setting. First, mass layoffs are not observed in the tax data, and therefore
must be measured with noise using a threshold change in Form W2 counts or some alternative metric. Second,
employees affected by mass layoffs or plant closures are often able to negotiate a continuation of health insurance,
making the change in coverage less exogenous than the job loss.
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Unemployed policyholders are a subsample of the full population of policyholders who

separate from their employer plan.13 After imposing this unemployment restriction, our sam-

ple of separated policyholders in 2016 is roughly 1.63 million people. For the remainder of the

paper, we will focus on this group to isolate plausibly exogenous changes in coverage status;

note that Appendix B replicates all of our descriptive statistics using the full population for the

interested reader. Column (2) of Table 1 presents summary statistics for the unemployed who

lost their coverage. Compared to the full population (col 1), they are older, less likely to be

female, less likely to be married, and earn less. After a policy separation, they are less likely

to be covered the following month, have a longer duration of uninsurance, and are more likely

to remain uncovered for the full 24-month post-separation period.

Columns (3) and (4) of Table 1 report these same statistics for the unemployed based on

whether they live in expansion or non-expansion state, respectively, prior to losing coverage.

In general, policyholders who separate from an employer plan in non-expansion and expan-

sion states look similar with respect to their gender and age compositions. Policyholders are

slightly more likely to to be married (i.e., a joint filer) in non-expansion states, though the

average rates are relatively comparable. Those in expansion states on average earn similar

wages to those in non-expansion ($56,784 compared to $53,453), but are slightly less likely

to qualify for a Premium Tax Credit measured as a higher share who earns more than 400% of

the Federal Poverty Limit (40.1% compared to 35.4%).

4.2. Exiting Uninsurance

Panel (a) of Figure 1 reports the share covered by an employer plan (darkest green), Medicaid

(middle green), a marketplace plan (lightest green), and the share uncovered (grey) in each

13This sample will necessarily exclude unemployed policyholders who did not claim UI benefits. As such,
should be considered as a subsample of the full unemployed population.
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month over the 24 month post-separation window. This figure highlights three important facts.

First, 34% of individuals who separate from an employer plan move to a new employer plan

immediately; these transitions are often missed in survey data, which capture transitions across

broad types of coverage (e.g., private, public) but do not report changes within coverage type.

Second, Medicaid covers an additional 15% of policyholders immediately following dropped

employer coverage. Third, there is a substantial reduction in uninsurance during the first year

after a loss in coverage that slows considerably in the second year.

To complement the point-in-time measure of coverage, panel (a) of Table 5 shows the six-

month transition matrix for the full sample of unemployed people who lose their coverage. Of

those who start out as uninsured in a given month, 47% remain uninsured 6 months later, while

43% transition to an employer plan. Both employer plans and Medicaid exhibit considerable

persistence, though persistence among employer plans is stronger (82% vs. 61%). Finally,

among those who find coverage under a new employer plan, 12% end up uninsured six months

later, highlighting the existence of quick turnovers.

To shed light on selection out of uninsurance, Table 2 describes policyholders based on the

length of their uninsurance spell. Each column of Table 2 reports statistics for policyholders

by the month in which new coverage is obtained. The last column reflects statistics for those

who remain without new coverage for at least 24 months (“Never Covered”). These summary

statistics highlight that as the duration of uninsurance increases, individuals are more likely

to be male and unmarried. In addition, prior wages decline with spell duration, suggesting

positive selection out of uninsurance. Perhaps most surprising, the majority of policyholders

are employed in the year following separation regardless of their spell length (including the

never covered), which implies a decoupling of coverage and employment. Finally, roughly 6%

of unemployed policyholders remain without health coverage for at least 24 months despite
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the fact that nearly three-quarters (71.4%) of them find employment in the following year.14

This suggests the existence of longer-run persistence in uninsurance following job loss.

Table 3 describes policyholders based on their first source of coverage. We show that most

of those who turn to Medicaid as a first source of coverage are employed in the year after

separation (83.7%), consistent with other data sources highlighting high employment rates of

Medicaid recipients.15 In fact, the lowest rate of post-separation employment is among those

with marketplace coverage, though the majority (80.4%) of this group is employed.16 Com-

paring across employer and Medicaid coverage, there appears to be sorting by gender, where

women are more likely to use Medicaid as a first coverage source while men are more likely

to move to employer coverage. By contrast, coverage through the exchange is roughly evenly

split across genders. In addition, there is sorting across coverage types by marital status, where

non-married policyholders are more likely to take-up Medicaid and married policyholders are

more likely to take-up employer coverage. Finally, the duration of uninsurance for those who

move to Medicaid is almost one month shorter than for those who move to either an employer

plan or a marketplace plan.

4.3. Factors Associated with Exits from Uninsurance

We next formalize the descriptive statistics presented in Tables 2 and 3 using a regression

framework to characterize the dynamic process of regaining insurance. Age and gender have

implications for expected health costs, and income and marital status correlate with differences

14Note that many unemployed policyholders who transition out of uninsurance return to it at a later date, so
that the point-in-time fraction of unemployed policyholders who are uninsured 24 months post-separation seen
in 1 substantially exceeds the fraction who are uninsured for the entire 24 months.

15See, for example, https://www.kff.org/medicaid/issue-brief/
understanding-the-intersection-of-medicaid-work-a-look-at-what-the-data-say/

16As a reminder, a policyholder can move to an employer plan without being employed if they move to a
spouse or partner’s employer plan.
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in an individual’s access to insurance. As such, we estimate the extent to which each of these

factors is associated with when to obtain insurance coverage, all else equal. We include an

indicator for living in a Medicaid expansion state prior to dropping coverage as the expansion

dramatically increases eligibility for Medicaid (Frean, Gruber and Sommers, 2017).

We estimate the following OLS model:

Yi = Xiβ+φm +ui,

Here, Yi can be one of several outcomes: (1) an indicator for obtaining coverage one month

after separation, (2) the duration of uninsurance, measured in months, or (3) the likelihood of

moving to either an employer plan, a Medicaid policy, or a marketplace plan as a first-source

of coverage, conditional on regaining coverage within the 24 month post-separation period.17

Xi captures demographic characteristics of the policyholder i: gender, filing status, wages, age,

and access to Medicaid expansion. Filing status, wages, and access to the Medicaid expansion

are all measured in 2015, the year prior to separation. All specifications include fixed effects

for the month in which the policy separation occurred, φm. In addition, Appendix B presents

estimates using the full population of policyholders who separate from an employer plan.18

We compliment these estimates using a Cox Proportional Hazard model, which can more

directly account for the unique features of duration data. In particular, the probability of

regaining insurance is unlikely to remain constant over time, and our finite post-separation

observation period (24 months) induces right-censoring in our data: we do not observe the

duration of uninsurance for the 6% of individuals who are uninsured for at least 24 months.
17As is common when studying dynamic processes, duration is right-censored data; persons who do not regain

coverage after 24 months are coded as having a duration of uninsurance of 24 months. As described shortly, we
explicitly account for this data anomaly using a survival model.

18Because the full population sample is not restricted to the unemployed, we include a dummy variable in the
regression that identifies unemployment insurance receipt in 2016 or 2017.
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The Cox Proportional Hazard model accounts for these data features and measures the impact

of observable characteristics on the hazard ratio, i.e., the probability of finding coverage within

an additional unit of time conditional on not having found coverage to that point. Appendix C

provides additional background information on the Cox Proportional Hazard Model.

Columns (1) and (2) of Table 4 reports estimates for the likelihood of regaining coverage

one month after separation, and the duration of uninsurance in months, respectively.19 Column

(3) reports the results from estimating a Cox Proportional Hazard model. Finally, columns (4)–

(6) report results estimating the likelihood of moving to an employer plan, a Medicaid policy,

or a marketplace plan, respectively, for those who find a new policy within 24 months after

separation.

One month after separation, we estimate that unmarried women are 9.62 percentage points

more likely to regain coverage, married male filers are 17.4 percentage points more likely

to regain coverage, and married women are 23.56 percentage points more likely to regain

coverage (measured as the combination of the coefficient on Female, Married, and Female

x Married); differences by age and pre-separation earnings, on the other hand, are minimal.

When accounting for the full 24-month post-separation observation window (col 3), we find

that single women are 27.2% more likely to find coverage, and married men are 41.8% more

likely to find coverage. Single women and married men also experience a shorter duration of

uninsurance (1.876 months, and 2.638 months, respectively), and married women experience a

3.162 month shorter duration of uninsurance (measured as the combination of the coefficient

on Female, Married, and Female x Married). Again, age and pre-separation wages do not

meaningfully impact the duration of uninsurance.

19Appendix Table A5 reports results for the full population of policyholders who separate from an employer
plan, regardless of whether they become unemployed.
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While women and married policyholders generally exit uninsurance more quickly than

men or unmarried policyholders, as seen in Table 2, these groups tend to take up different

sources of coverage. This same pattern is seen in Table 4 holding all else equal. Married men

are 15.2 percentage points more likely to purchase an employer plan (col 4), but only 1.18

and 0.732 percentage points (col 5, 6) more likely to move to a Medicaid or marketplace plan,

respectively. Married women are 25.3 percentage points (col 4) more likely to be covered by

an employer plan, compared with a 2.12 percentage point (col 5) reduction in the likelihood

of moving to a Medicaid policy and a 1.48 percentage point increase (col 6) in the likelihood

of moving to a marketplace plan. By contrast, single women are 12 percentage points more

likely to move to a Medicaid policy (col 5) and 1.03 percentage points more likely to pur-

chase a marketplace plan (col 6), but 0.656 percentage points less likely (col 4) to purchase an

employer plan

4.4. Dynamics by Medicaid Expansion Status

The results in Table 4 also underscore that living in a Medicaid expansion state is strongly

correlated with likelihood of finding new coverage, the duration of uninsurance, and the likeli-

hood of moving to a Medicaid policy. In particular, individuals living in a Medicaid expansion

state prior to their policy separation were 16.0 percentage points more likely to find coverage

within a month (col 1) — and, more generally, were 36.6% more likely to find coverage when

taking into account the full 24-month post-separation period (col 3). Moreover, those living

in expansion states are 13.2 percentage points more likely to use Medicaid as a first source

of new coverage (col 5). Taken together, these differences translate to shorter spells of unin-

surance in expansion states lasting 50%, or 3 months, less than in non-expansion states (col

2).
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In addition to these regressions, panels (b) and (c) of Figure 1 illustrate monthly sources

of coverage following a loss for policyholders who had lived in an expansion state or a non-

expansion state, respectively, at the time of their policy separation. Comparing across the two

panels reveals several dramatic differences in post-separation coverage dynamics. First, the

share of those in non-expansion states who transition to uninsurance one month after separa-

tion from an employer plan is 38% larger than in expansion states.20 This gap grows to 50%

when measured 24 months after separation;21 in other words, individuals in expansion states

are more likely to immediately find coverage and, conditional on transitioning to uninsurance,

regain coverage more quickly. Second, employer plan coverage rates are similar across the

two groups throughout the post-separation period,22 suggesting that the labor market in these

two groups of states may be similar enough to mitigate differential selection across labor mar-

kets. Finally, and most relevant, Medicaid plays an out-sized role as a source of coverage in

expansion states.23 In particular, Medicaid is three times as likely to be the source of coverage

in every month throughout the 24-month post-separation observation period.

Finally, Table 5 reports the six-month transition rates across coverage types for Medicaid

expansion and non-expansions states, respectively.24 The persistence of uninsurance is 15%

higher in non-expansion states compared to expansion states (51% vs. 44%, or a 7 percentage

point difference). This difference is almost entirely driven by a 7 percentage point increase

in the likelihood of transitioning from uninsurance to Medicaid in expansion states (10% vs.

2042% of policyholders who separate are uncovered in expansion states, compared with 58% in non-expansion
states.

2118% of policyholders who separate are uncovered 24 months later in expansion states compared with 27%
in non-expansion states.

2236% are covered by an employer plan one month after separation in expansion states compared with 30%
in non-expansion states. 24 months later, 61% are covered by an employer plan in expansion states compared
with 59% in non-expansion states.

23A similar result is found for the full sample when looking at differences by Medicaid expansion and non-
expansion states. These results are presented in Appendix Figure A1.

24The one-month transitions are given in Table A1 and reveal similar dynamics across expansion and non-
expansion states.
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3%). In addition, Medicaid coverage appears to be more stable in expansion states, with

61% of those with Medicaid coverage in month m having Medicaid coverage 6 months later,

compared with just 55% in non-expansion states.

This section provides several related and reinforcing descriptive statistics that speak to the

likely determinants of the duration of uninsurance spells following a separation from an em-

ployer policy. This analysis makes a compelling case for a causal effect of Medicaid expansion

on post-separation coverage dynamics among individuals who are covered by an employer

plan — a population that is, ex-ante, unlikely to be eligible for Medicaid. In the next section,

we exploit a state-level experimental setting created by the Virginia expansion of Medicaid to

study the causal effect the Medicaid expansion.

5. The Effects of Expanding Medicaid on Coverage Dynam-

ics

Recall from Section 2 that the Medicaid Expansion is an optional provision of the ACA —

that is, states can choose to expand Medicaid coverage to adults earning up to 138% FPL and

receive federal funding to pay for 90–100% of the associated costs. When the ACA became

effective in 2014, 25 states and the District of Columbia had chosen to expand Medicaid

at the same time. Since then, 15 additional states have adopted the Medicaid expansion;

these expansions offer a unique experimental setting to estimate the causal effect of increasing

Medicaid access, holding fixed the other provisions of the ACA.

In this section, we focus specifically on the Virginia Medicaid expansion, which was im-

plemented in January, 2019. Prior to the expansion, Medicaid access in Virginia had been

severely limited: childless adults were ineligible, and eligibility among parents was restricted
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to those earning less than 38% of the Federal Poverty Level (FPL) equivalent to $7,896 for a

parent in a family of three. Each month from 2017 to 2019, approximately 1,000,000 individu-

als were enrolled in Medicaid and CHIP.25 Following Affordable Care Act (ACA) guidelines,

Medicaid eligibility in Virginia was expanded to households earning below 138% of the FPL

(e.g., $29,435 for a family of three). In the first month of the expansion, Medicaid enrollment

surged by 17%, with steady growth thereafter, ultimately doubling to 2,000,000 enrollees by

2023.

Our data is well suited to leverage the expansion in Virginia to study the effect of expanding

access to Medicaid for several reasons: first, the timing of this expansion allows us to observe

plan separations prior to the policy change, providing the opportunity to identify a non-treated

group; second, the timing of this expansion allows for post-separation observations that are

uncontaminated by pandemic-era policies, such as expanded access to Medicaid and unem-

ployment insurance; third, Virginia is a large and diverse state with its population that is spread

across urban, suburban, and rural communities and comprises diverse political ideology and

educational attainment.26 Appendix Table A2 additionally provides selected demographic

characteristics from the American Community Survey comparing Virginia’s population to the

overall U.S. in 2018. This table shows that Virginia has a similar age and sex composition to

the U.S., though a higher median income, a higher share with a bachelors degree or above,

and a lower share of uninsured.
25Data Source: Monthly State Medicaid Enrollment, Centers for Medicaid and Medicare Services.
26As a reminder, our analysis begins in 2016; we consider a natural bound of our analysis 2019, before the

onset of the pandemic. Between 2015 and 2019, four states adopted Medicaid expansion: Montana (January
2016), Louisiana (July 2016), Virginia (January 2019), and Maine (January 2019). We exclude Montana because
its January 2016 effective date does not allow us to observe plan separations prior to the Medicaid expansion.
We exclude Maine because its Medicaid expansion was retroactive to mid-2018, making the pre and post period
difficult to disentangle. We exclude Louisiana due to data issues—the 1095 data from Louisiana appear to be
incomplete based on internal validation exercises. For these reasons, we focus solely on Virginia for this analysis.
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For our empirical analysis, we will use a difference-in-difference estimation strategy that

compares post-separation coverage dynamics for (1) individuals who separated from their

employer health plan in Virginia before and after the Medicaid expansion to (2) individuals

who separated from their employer health plan during these same month-years in all other

non-expansion states.27 This identification strategy will control for any differences between

Virginia and other non-expansion states to the extent that these differences — including labor

market differences, health differences, and other elements of the social safety net — are time-

invariant during this short time period.28

5.1. Analysis Sample

Our analysis sample is defined by the months surrounding the January 1st, 2019 expansion.

We focus on four cohorts: those who separated from their employer plan either in 2018 (one

year before the Medicaid expansion) or in 2019 (the year of the Medicaid expansion) and who

lived in either a non-expansion state or in Virginia at the time of their separation. To draw

our data, we follow the procedures outlined in Section 3, with a few modifications to account

for both the pandemic and the experimental setting. First, we focus on separations that occur

between January and June of either 2018 (pre-treatment) or 2019 (post-treatment). Accord-

ingly, we define pre-treatment cohorts to be policyholders who separate from an employer

27Our control group includes the following states: Alabama, Florida, Georgia, Kansas, Missouri, Mississippi,
Nebraska, Oklahoma, South Carolina, South Dakota, Tennessee, Texas, Wisconsin, and Wyoming. Although
Idaho and Utah did not expand Medicaid until Jan 1, 2020, each of these states was partially treated in 2019, so we
exclude these states from our control group. Specifically, Idaho began expanded enrollment in November, 2019,
and Utah implemented a bridge program to Medicaid expansion beginning in April, 2019. Finally, we exclude
North Carolina because North Carolina implemented a major change to its Medicaid program, switching from
a fee-for-service to a managed care network, where private companies, known as managed care organizations
(MCOs), would be responsible for coordinating and delivering Medicaid services to beneficiaries. We note that
our results are not sensitive to including Idaho, Maine, North Carolina, and Utah.

28To the best of our knowledge, there were no concurrent changes in access to other social safety net pro-
grams (unemployment insurance benefits, SNAP, WIC, TANF, etc) in Virginia that occurred at the same time as
Medicaid expansion.
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plan separations between January and June of 2018. We then limit our post-separation obser-

vations to the last six months in the same year as separation. This truncation ensures that the

our outcomes for the pre-treatment group are not affected by the treatment itself (the January

2019 Virginia Medicaid Expansion). Likewise, our outcomes for the post-treatment group

will avoid any confounding effects of the pandemic and associated policy.29 Moreover, by

comparing pre- and post-treatment separations that occur in the same month, one year apart,

we hope to hold fixed, at a minimum, the influence of monthly employment dynamics.

Second, we take a slightly more restrictive definition of individuals who drop coverage due

to unemployment. In particular, we limit our analysis to those who received UI in the same

year as plan separation. We do this because pandemic-era policies dramatically expanded

access to the unemployment insurance system beginning in March, 2020. This is a departure

from our previous analysis sample, which included individuals who received UI in both the

year of plan separation and the following year.

Table 6 reports summary statistics for this analysis sample. Columns (1) and (2) describe

pre-treatment policyholders, or those who separated from their plan between January and June

of 2018 and were living in Virginia or a non-expansion state, respectively. Similarly, columns

(3) and (4) describes post-treatment policyholders, or those who separated from their plan be-

tween January and June of 2019 and were living in Virginia or a non-expansion state, respec-

tively. Panel A summarizes demographic characteristics in the year before the plan separation.

Panels B and C summarize outcome variables and preview our results. In general, policyhold-

ers living in Virginia are more likely to be female, are less likely to be joint-filers, are slightly
29Uninsurance was especially risky during this time period: the onset of the pandemic imposed a broad

increase in ex-ante expected health care expenditures for the U.S. population due to the perceived risk of in-
fection and hospitalization simultaneously with increased macroeconomic turmoil and reduced financial ability
to weather large medical expenditures. In light of this, the federal government undertook an historic expansion
of the social safety net through increased emergency funds, emergency Medicaid waivers that allowed states
to streamline enrollment processes, expand coverage options, increase access to telehealth services, and relax
typical eligibility verification to permit continuous enrollment in Medicaid. In addition, the Federal government
expanded access to Unemployment Insurance to the self-employed and broadly expanded benefits.
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older, and earn higher wages. Importantly in the difference-in-differences context, differences

in these characteristics appear to be roughly stable in 2018 and 2019.

As a preview of the results, when comparing mean changes between Virginia and other

non-expansion states in the pre- and post-treatment cohort (columns 1–4), the gap between

Virginia policyholders and those living in non-expansion states widens for our three primary

outcomes (Panel B). Policyholders who separate from an employer plan in Virginia after the

Medicaid expansion are more likely to be covered one month after separation and are less

likely to remain uncovered through the end of 2019. In addition, they experience a shorter

spell of uninsurance when compared to these differences for the pre-treatment cohort. Fi-

nally, differences in the first source of coverage following a plan separation, particularly for

Medicaid, widen substantially (Panel C) after the expansion: Virginians are 12 percentage

points more likely to move to Medicaid compared to 3 percentage points less likely prior to

the expansion.

5.2. Empirical Strategy: Difference-in-Differences

We estimate the following difference-in-differences equation:

Yi = β0 +β1 Treati +β2 Posti +β3 Treati ×Posti +Γi + εit , (1)

where Treati is a dummy variable identifying separated policyholders living in Virginia, and

Posti is a dummy variable identifying policyholders who separate from their plan in 2019, after

Virginia’s expansion of Medicaid. The vector Γi includes a series of fixed effects identifying

gender, joint-filing, and month of separation, as well as continuous controls for age and wages

earned in the year before separation. Yi represents our outcomes of interest: an indicator that

coverage is regained in the month after separation, the total number of observed months of
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uninsurance through December, or an indicator for the first source of coverage (Medicaid,

employer plan, or Exchange). We study the first source of coverage to confirm the mechanism

of the Medicaid expansion: if reduced duration of uninsurance is caused by the Medicaid

expansion, we would expect to see an increase in the likelihood that Medicaid serves as the

first source of coverage. The coefficient, β̂3, captures the effect of expanded Medicaid access

in Virginia on outcome Yi relative to a control group of separated policyholders living non-

expansion states.

To study the effect of Medicaid access on the instantaneous likelihood of finding new

coverage, we must account for the truncation of the outcome variable. To do so, we incorporate

a Cox Proportional Hazard Model into a difference-in-differences30 environment as follows:

h(m|x j) = h0(m)exp(β1 Treati +β2 Posti +β3 Treati ×Posti +Γi + εit). (2)

In this model, β̂3 captures any change in the hazard ratio that occurs after the Medicaid expan-

sion. As before, the vector Γi controls for gender, joint-filing, month of separation, age, and

wages from the year before separation.

5.3. Results

We report the estimates of the effect of the Virginia Medicaid expansion in Table 7. Columns

(1) – (3) provide estimates of the effect of the Medicaid expansion on the likelihood of find-

ing insurance one month after separation, the duration of uninsurance, and the hazard ratio.

Columns (4) – (6) report the likelihood that the first source for those who find coverage by

December is either a new employer plan, Medicaid, or an Exchange policy, respectively. In

30Similar methodology is used in Mastrobani and Pinotti (2015); this analysis relies on a Cox difference-in
differences model to estimate the impact of legal status on recidivism.
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addition, we report the pre-treatment mean for each outcome, or the unconditional mean for

policyholders who separate from a plan in Virginia in 2018. In all cases, robust standard errors

are reported in parentheses.

5.3.1. Baseline Results

We estimate that the Virginia Medicaid expansion increased the likelihood of finding coverage

one month after separation by 16% (6.60 percentage points/40.8%, panel A col 1). In addition,

the Medicaid expansion reduced the duration of uninsurance by 12% (-0.487/4.093 months,

panel A col 2). Finally, the instantaneous likelihood of regaining coverage increased by 16.6%

(panel A col 3).

To provide additional support for identification, we split our results based on wage earnings

in the year prior to separation; lower income households are more likely to be treated than

higher income households. Panels B and C of Table 7 reports estimates for individuals who

were in the bottom (top) quartile of wage distribution prior to plan separation. We find that

low wage workers are more than three times more likely to find coverage one month later

(11.6 percentage points compared with 3.76 percentage points, panels B and C col 1). More

generally, low wage workers are 33.3% more likely to find coverage (panel B col 3); by

comparison, we do not find a statically significant effect on the instantaneous likelihood of

finding coverage for high wage workers.

We also engage in a falsification exercise where we estimate the difference-in-difference

model as though each of the control states were treated, using all other states in our analysis as

the control group. These results are shown in Figure 2. For reference, we also show baseline

estimates of the effect of the Virginia Medicaid expansion in this figure.
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In panel (a) we see that in all other control states except for Missouri, the change in the

likelihood of finding coverage one month after plan separation is small and statistically in-

significant. While Missouri’s estimate is statistically significant, it is wrong-signed relative

to the effect of Medicaid (a small reduction in the likelihood of finding coverage). Further

investigation reveals that the topic of Medicaid expansion became a focus of significant polit-

ical and public interest in 2019, culminating in a 2020 ballot initiative to force the legislature

to expand Medicaid that was approved. With this in mind, it is plausible that the attention

and scrutiny of the state’s Medicaid program that was brewing in 2019 affected Medicaid

enrollment.

In panels (b) and (c) we see that Virginia was the only state that experienced a decrease in

the duration of uninsurance paired with an increase in the likelihood of finding coverage. Most

of our control states saw no meaningful or statistically significant change in either outcome.

At the same time, a few states stand out with opposite-signed estimates. Two estimates from

small states (South Dakota and Wyoming) are only marginally statistically significant; to the

best of our knowledge, nothing about either state’s Medicaid program or the political and

public discourse surrounding Medicaid expansion changed. Tennessee, however, proposed

a major modification to their Medicaid program in 2019 by applying for a waiver from the

ACA requirements to implement a modified version of Medicaid expansion through a program

called “TennCare III.” Although this waiver was not ultimately approved until April, 2022, the

effort to launch TennCareIII suggests that the state’s Medicaid program was a focal point, and

this may have affected Medicaid enrollment.

Next, we study the effect of the Medicaid expansion on the first source of coverage among

those individuals who regain coverage by the end of the year. If the Medicaid expansion

causes changes in coverage dynamics, then we would expect that shortened uninsurance spells

and increased coverage should coincide with an increase in Medicaid as a first source of .
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Consistent with this mechanism, we find a 15.1 percentage point increase in the likelihood

that Medicaid serves as the first source of coverage — a 154% increase relative to the pre-

treatment mean (panel A col 5). Low wage workers are nearly four times more likely to

move to a Medicaid plan than high wage workers (26 percentage points compared with 6.84

percentage points, panels B and C col 5). At the same time, we estimate a 10.1 and a 3.56

percentage point reduction in the likelihood that the first source of coverage is an employer

plan or an exchange policy, respectively. While these estimates suggest that individuals shift

from other coverage sources to Medicaid as a first source of coverage, they do not rule out that

some Medicaid recipients also came from a counterfactual state of uninsurance.

5.3.2. Heterogeneity by Gender

Generally, women are more likely to have insurance relative to men, both before and after the

enactment of the ACA. This is likely driven, in part, by the fact that women are more likely

than men to qualify for Medicaid because they tend to have lower incomes and are more likely

to belong to one of Medicaid’s adult eligibility categories (pregnant, parent of a dependent

child, senior, or person with a disability). In addition, women may have a stronger preference

for health insurance coverage compared to men (Gomez et al., 2022). Consistent with this,

the descriptive evidence in Table 4 shows that women are more likely to regain coverage and

experience a shorter duration of uninsurance than men. In Figure 3, we explore how access

to Medicaid affects these dynamics differently by gender. Point estimates are reported in

Appendix Table A7.

Overall, we find that the effect of the Medicaid expansion was stronger for women than

for men. The likelihood of regaining coverage one month after separation increased by 8.55

percentage points (21%) for women, compared to 4.78 percentage points (12%) for men.

Women’s duration of uninsurance decreased by 0.623 months (16%) compared with 0.357
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months (9%) for men. Finally, using a hazard model we estimate that women are 21.1% more

likely to regain coverage, compared with a 12.7% increase for men.

Turning to results on the first source of coverage, both women and men experience a large

increase in the likelihood that Medicaid serves as a first-source of coverage (17.2 percentage

points for women and 13.1 percentage points for men). However, the effect relative to the

pre-treatment mean is larger for men (300%) than for women (110%). This larger relative

likelihood for men is entirely consistent with the mechanism of the Medicaid expansion: men

were less likely to qualify for Medicaid prior to ACA expansion.

Both female and male policyholders exhibit some shifting from employer plans and ex-

change policies to Medicaid. They are similarly likely to shift away from employer plans

(10.8 percentage point decrease for women and 9.32 percentage point decrease for men), but

women are more likely to shift away from an exchange plan (5.29 percentage points, or a 54%

reduction) than men (1.90 percentage points or a 29% reduction).

5.3.3. Heterogeneity by Marital Status

Next, we examine heterogeneity among individuals based on marital status. Marriage offers

an additional channel for health insurance access through dependent coverage on a spouse’s

plan. As a reminder, our analysis focuses on policyholders who separate from their own

employer plan. However, if a spouse loses their health insurance, this is considered to be a

“qualifying life event,” enabling a special enrollment period where the uninsured spouse may

be added as a dependent on their partner’s plan. This exception applies regardless of whether

the spouse’s separation from their own employer plan was voluntary or involuntary. Given that

marriage provides an additional avenue for gaining coverage, we would expect that those who
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are married would be less impacted by the Medicaid expansion. With this in mind, Figure 3

reports estimates for unmarried and married individuals.

Policyholders who were unmarried are 25% (8.36 percentage points/33.4%) more likely

to gain coverage in the month after separation due to the Medicaid expansion, while married

policyholders were 6% more likely (3.17 percentage points/54.5%). Uninsurance spells de-

clined for both groups, but declined more so for unmarried policyholders (14% vs. 5%). More

generally, the instantaneous likelihood of regaining coverage is nearly five times larger for

unmarried and married policyholders (24.5% and 5.1%, respectively); notably, the estimate

for married policyholders is not statistically significant at any conventional levels.

Both married and unmarried policyholders exhibit some shifting from employer plans and

exchange policies to Medicaid. The shifts are more pronounced for unmarried policyholders,

who experience declines in employer coverage of 12.6 percentage points compared to the

4.93 percentage points experienced by married policyholders. Similarly, exchange policies

as a first source of coverage declined by 4.47 percentage points and 2.00 percentage points

respectively for unmarried and married individuals. In general, there appears to be less crowd-

out of Medicaid as a first source of coverage for those who are married compared to those who

are unmarried.

5.4. Discussion

Most Americans rely on employer health plans for coverage, making them vulnerable to spells

of uninsurance when faced with job loss. Our analysis indicates that the ACA’s Medicaid ex-

pansion provides a path to coverage stability by increasing the likelihood of finding coverage

and reducing the duration of uninsurance for for individuals experiencing job loss and subse-

quent loss of health insurance. Additionally, our findings demonstrate that the ACA broadened
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the scope of the Medicaid safety net beyond the chronically low-income to include those who

previously held stable, high-quality jobs.

Spells of uninsurance increase the cost of health care and, therefore, reduce health care

consumption. Gai and Jones (2020) show that insurance instability is associated with forgone

preventative and other medical services. Roberts and Pollack (2016) find that churn is asso-

ciated with sub-optimal timing of care as evidenced through increased emergency room visits

and inpatient hospital stays. Insurance instability is particularly harmful for those with chronic

conditions who require access to ongoing care. Kressin et al. (2020) find that insurance insta-

bility was associated with worse health outcomes, particularly for Black and Hispanic patients,

as measured by higher rates of uncontrolled blood pressure.

Spells of uninsurance are also associated threats to financial risk. In particular, costly

treatment may be unavoidable for those facing acute health shocks, thereby increasing the

risk of financial setbacks during periods of uninsurance. Medicaid is shown to mitigate this

risk. For example, Gross and Notowidigdo (2011) finds that pre-ACA Medicaid expansions

reduced the likelihood of personal bankruptcy. More broadly, Hu et al. (2018); Kuroki (2021);

Miller et al. (2021) find evidence that the ACA’s Medicaid expansion was associated with

improved financial well-being.

Though beyond the scope of this paper, our work compliments and expands literature on

the negative effects of coverage stability by taking a step back and studying how Medicaid can

affect coverage stability, itself. In addition, our work has implications for proposals that in-

corporate work requirements into Medicaid eligibility rules. Recently, a number of states have

debated modifications to their state Medicaid programs that would condition coverage on work

and reporting requirements, similar to public assistance programs like Temporary Assistance

for Needy Families (TANF). Sommers et al. (2020) finds that Medicaid work requirements in

Arkansas in 2018 led to a decrease in Medicaid or Marketplace coverage of 13.2 percentage
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points and an increase in the uninsurance rate of 7.1 percentage points among Arkansans aged

30-49. These results suggest that the imposition of work requirements associated with Med-

icaid, especially in Medicaid expansion states, is likely to decrease the effectiveness of the

ACA’s Medicaid expansion in reducing coverage instability.

6. Conclusion

This study leverages the new tax reporting requirements mandated by the ACA, offering a

more comprehensive understanding of coverage dynamics pertinent to the majority of the

population. We present novel descriptive statistics to characterize coverage dynamics for those

who separate their employer health coverage. Among policyholders who experience both

separation from an employer plan and unemployment, we provide insights into the average

duration of uninsurance, the sources of coverage during this period, and detailed transitions

across various types of coverage.

Previous research examining coverage instability and the mitigating effects of Medicaid

primarily focuses on the chronically low-income demographic. In contrast, we demonstrate

that the 60% of individuals in the U.S. covered by employer plans are also vulnerable to

coverage instability, due in part to labor market dynamics.

We offer the first causal estimates of the ACA’s Medicaid expansion’s impact on high-

frequency coverage dynamics by leveraging a compelling source of variation — the 2019

Virginia Medicaid expansion. Our findings reveal that the state-level Medicaid expansion in

Virginia increased the likelihood of regaining coverage by 17% for Virginians who lost their

employer plan. We also show that these effects were the strongest for female and unmarried

policyholders.
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Moreover, the expansion induced a shift in the composition of the initial source of new

coverage, with Medicaid experiencing a 15.1 percentage point increase and private coverage

witnessing a 13.7 percentage point decrease. This pattern suggests some crowd-out effect of

private insurance by Medicaid as a first source of coverage, which would lower the return on

investment of the Medicaid expansion in terms of general social welfare. At the same time, ex-

panded access to Medicaid also likely allows for better matching in the labor search process.

For instance, individuals may now have the flexibility to choose more suitable employment

opportunities rather than settling for less ideal positions solely to secure health insurance cov-

erage. Although beyond the scope of this paper, future research may investigate whether the

expanded access to Medicaid leads to higher job match quality and higher earnings.
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Table 1
Summary Statistics

Population
Unemployed

All States Expansion Non-Expansion
(1) (2) (3) (4)

Female 0.4576 0.418 0.418 0.418

Married 0.425 0.378 0.378 0.379

Age
18–25 0.0904 0.0628 0.0643 0.0599

26–44 0.549 0.518 0.525 0.505

46–62 0.360 0.419 0.411 0.435

Wages 62,093 55,673 56,784 53,453

Unemployed 0.153 . . .

Employed in 2017 0.912 0.888 0.887 0.889

2015 MAGI
< 100% FPL 0.0488 0.0491 0.0479 0.0515

100–138% 0.0509 0.0583 0.0537 0.0673

138–400% 0.469 0.507 0.497 0.527

> 400% FPL 0.431 0.386 0.401 0.354

Covered at t=1 0.659 0.523 0.576 0.416

Months of Uninsurance 3.691 4.887 4.085 6.492

Always Uninsured 0.051 0.063 0.043 0.102

N 10,643,393 1,633,155 1,088,857 544,298

Notes: This table summarizes the population of interest, policyholders aged 18–62 who separate from an em-
ployer plan in 2016 (col 1), in addition to our analysis subsample of those who also receive unemployment
benefits (cols 2–4). Modified Adjusted Gross Income relative to the Federal Poverty Limit (FPL) is based on
2015 income and household size. Marital status is determined by whether the household filed jointly in 2015.
The share of unemployed individuals in columns 2–4 are identified as those who receiving income reported on
Form 1099-G in either 2016 or 2017. Coverage and duration information is based on monthly coverage reported
on Forms 1095-A, -B, and -C and is observed in our data for 24 months after initial policy separation.
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Table 2
Summary Statistics Based on First Month of Coverage:

Policyholders Who Separate From an Employer Plan in 2016 and Become Unemployed

First Month of Coverage

1 3 6 12 24 Never Covered

Female 0.447 0.417 0.393 0.360 0.325 0.313

Joint-Filer 0.442 0.355 0.300 0.269 0.227 0.235

Age
18–25 0.0761 0.0457 0.0499 0.0516 0.0639 0.0539

25–44 0.507 0.534 0.531 0.545 0.538 0.512

45–62 0.417 0.420 0.419 0.403 0.398 0.434

2015 Wages $57,208 $57,595 $54,073 $52,415 $47,118 $46,192

Employed in 2017 0.894 0.915 0.916 0.912 0.822 0.714

2015 MAGI
<100% FPL 0.0655 0.0262 0.0303 0.0334 0.0408 0.0424

100–138% FPL 0.0655 0.0419 0.0469 0.0502 0.0623 0.0697

138–400% FPL 0.461 0.529 0.554 0.577 0.610 0.619

> 400% FPL 0.408 0.403 0.368 0.339 0.287 0.268

First Source of Coverage
Employer Plan 0.646 0.673 0.725 0.740 0.727 -

Marketplace Plan 0.0512 0.161 0.0846 0.0810 0.0825 -

Medicaid Plan 0.279 0.136 0.174 0.160 0.162 -

N 855,692 105,881 44,416 18,051 4,898 102,986

Notes: This table summarizes policyholders based on the first month that we observe new coverage after having
separated from an employer plan in 2016. The sample is limited to those who receive unemployment income in
2016 or 2017. See also Table 1 notes.
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Table 3
Summary Statistics Based on First Source of Coverage:

Policyholders Who Separate From an Employer Plan in 2016 and Become Unemployed
First Source of Coverage

Employer Medicaid Marketplace

Female 0.398 0.526 0.484

Joint Filer 0.433 0.244 0.407

Aged 18–25 0.0680 0.0762 0.0192

Aged 26–44 0.512 0.581 0.409

Aged 45–62 0.420 0.343 0.571

2015 Wages 61,590 37,588 59,646

2015 MAGI
<100% FPL 0.0269 0.136 0.0242

100–138% FPL 0.0385 0.132 0.0351

138–400% FPL 0.469 0.587 0.519

> 400% FPL 0.465 0.145 0.422

Employed, 2017 0.938 0.837 0.804

Months of Uninsurance 3.820 2.927 3.895

N 1,020,457 351,491 124,668

Notes: This table summarizes policyholders who receive unemployment income in 2016 of 2017 based on their
first source of coverage after a separation from an employer plan in 2016. See also Table 1 notes.
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Table 4
Post-Separation Coverage Dynamics:

Policyholders Who Separate From an Employer Plan in 2016
Coverage Dynamics First Source of Coverage

Covered at Months of Hazard Employer Medicaid Marketplace
t=1 Uninsurance Ratio Plan Plan Plan
(1) (2) (3) (4) (5) (6)

Female 0.0962∗∗∗ -1.876∗∗∗ 1.272∗∗∗ -0.00656∗∗∗ 0.120∗∗∗ 0.0103∗∗∗

(0.000978) (0.0137) (0.00265) (0.000949) (0.000818) (0.000323)

Married 0.174∗∗∗ -2.638∗∗∗ 1.418∗∗∗ 0.152∗∗∗ 0.0118∗∗∗ 0.00732∗∗∗

(0.00104) (0.0145) (0.00314) (0.00122) (0.000982) (0.000353)

Female x Married -0.0346∗∗∗ 1.352∗∗∗ 0.850∗∗∗ 0.108∗∗∗ -0.153∗∗∗ -0.00285∗∗∗

(0.00161) (0.0200) (0.00293) (0.00168) (0.00119) (0.000604)

Age -0.00185∗∗∗ 0.0238∗∗∗ 0.997∗∗∗ -0.00155∗∗∗ -0.00195∗∗∗ 0.000969∗∗∗

(0.0000359) (0.000492) (0.0000762) (0.0000419) (0.0000357) (0.0000133)

Wages 0.0000807∗∗∗ -0.00417∗∗∗ 1.000∗∗∗ 0.000704∗∗∗ -0.000743∗∗∗ -1.48e-08
(0.00000657) (0.000187) (0.00000761) (0.0000294) (0.0000318) (0.00000218)

Expansion State 0.160∗∗∗ -2.392∗∗∗ 1.366∗∗∗ 0.0389∗∗∗ 0.132∗∗∗ -0.00411∗∗∗

(0.000810) (0.0117) (0.00240) (0.000811) (0.000530) (0.000296)

Unconditional Mean 0.524 4.877 – 0.360 0.157 0.029
Month Fixed Effects ✓ ✓ ✓ ✓ ✓ ✓
N 1,633,155 1,633,155 1,633,155 1,530,371 1,530,371 1,530,371

Notes: This table reports results from estimating a OLS model (cols 1,2, 4, 5, 6) and a Cox Proportional Hazard model (col 3). Analysis is based on
policyholders who separate from an employer plan in 2016 and become unemployed in 2016 or 2017. Post separation monthly coverage is observed for
24 months for all individuals in this analysis. All specifications include monthly fixed effects identifying the month of separation in 2016. See Section 3
for more details.
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Table 5
Six-Month Coverage Transitions

m+6
m Uncovered Employer Marketplace Medicaid

Panel A. All Unemployed
Uncovered 47% 43% 3% 7%
Employer 12% 82% 2% 4%
Marketplace 8% 41% 46% 5%
Medicaid 7% 31% 1% 61%

Panel B. Expansion
Uncovered 44% 44% 3% 10%
Employer 11% 83% 2% 5%
Marketplace 7% 41% 45% 7%
Medicaid 7% 31% 1% 61%

Panel B. Non-Expansion
Uncovered 51% 43% 3% 3%
Employer 16% 81% 2% 2%
Marketplace 10% 40% 48% 2%
Medicaid 12% 32% 1% 55%

Notes: This table describes transitions for policyholders who separate from an employer plan in 2016 and also
become unemployed in 2016 or 2017. These statistics reflect the likelihood of transitioning across coverage
sources from month m to month m+6 for the full sample (Panel A), and separately for those living in expansion
states (Panel B) and non-expansion states (Panel C) prior to their initial dropped coverage.
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Table 6
Summary Statistics: VA Medicaid Expansion

Pre-Treatment Cohort Post-Treatment Cohort
2018 Separations 2019 Separations

VA Non-Exp VA Non-Exp
(1) (2) (3) (4)

Panel A. Prior Year Characteristics

Female 0.476 0.472 0.486 0.461
Joint Filer 0.348 0.346 0.333 0.342
Age 43.59 43.27 43.6 43.45
Wages 59,207 54,059 59,748 56,735

N 12,710 170,902 11,025 161,984

Panel B. Post-Separation Coverage Outcomes

Covered at t=1 0.407 0.353 0.467 0.348
Months of Uninsurance 4.097 4.476 3.634 4.499
Always Uninsured 0.276 0.324 0.219 0.330

N 12,710 170,902 11,025 161,984

Panel C. First Source of Coverage Following Plan Separation

Employer Plan 0.794 0.773 0.700 0.782
Medicaid Plan 0.0935 0.123 0.238 0.119
Exchange Plan 0.0739 0.0685 0.0429 0.0664

N 10,424 131,010 9,704 122,004

Notes: This table summarizes our primary analysis sample for our difference-in-differences analysis. Treated in-
dividuals are those who separate from an employer plan after Medicaid expansion in Virginia. Control individuals
separate during these same months states that had not expanded Medicaid by the end of 2018. Post-separation
coverage observed through the end of the same calendar year as separation. Panel A describes individual charac-
teristics, measured in the year prior to separation. Panel B describes post-separation coverage outcomes, where
the post-separation period is observed through the end of each cohort-specific calendar year. Panel C describes
the first source of coverage for individuals who re-gain coverage within the calendar year. See also Table 1 for
more details.
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Table 7
Coverage Dynamics: Baseline Estimate of the Effect of ACA’s Medicaid Expansion

Coverage Dynamics First Source of Coverage

Covered at Months of Hazard Employer Medicaid Marketplace
t=1 Uninsurance Ratio Plan Plan Plan
(1) (2) (3) (4) (5) (6)

Panel A. Baseline Result

2019 × VA 0.0660∗∗∗ -0.487∗∗∗ 1.166∗∗∗ -0.101∗∗∗ 0.151∗∗∗ -0.0356∗∗∗

(0.00635) (0.0440) (0.0182) (0.00661) (0.00508) (0.00403)

Pre-Treatment Mean 0.408 4.093 – 0.777 0.0980 0.0814
N 356,621 356,621 356,621 237,114 237,114 237,114

Panel B. Low Wages

2019 × VA 0.116∗∗∗ -0.982∗∗∗ 1.333∗∗∗ -0.178∗∗∗ 0.260∗∗∗ -0.0586∗∗∗

(0.0135) (0.0954) (0.0441) (0.0152) (0.0133) (0.00877)

Pre-Treatment Mean 0.405 4.356 – 0.663 0.200 0.0902
N 84,446 84,446 84,446 59,052 59,052 59,052

Panel C. High Wages

2019 × 0.0376∗∗ -0.182∗ 1.050 -0.0309∗∗ 0.0684∗∗∗ -0.0254∗∗∗

(0.0126) (0.0819) (0.0304) (0.0106) (0.00605) (0.00720)

Pre-Treatment Mean 0.493 3.390 – 0.868 0.025 0.073
N 81,463 81,463 81,463 54,335 54,335 54,335

Notes: This table reports the effect of Medicaid Expansion on post-separation coverage dynamics using a
difference-in-differences identification strategy. Panel A reports the baseline results, while Panels B and C re-
port estimates respectively for the bottom 25th percentile and top 25th percentile of the wage distribution where
wages are measured in the year before losing coverage. Pre-treatment mean measured in Virginia in 2018. See
Section 5 for more details.
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Figure 1. Post-Separation Monthly Coverage

(a) All

(b) Medicaid Expansion (c) Medicaid Non-Expansion

Notes These figures depict the breakdown of the source of health insurance coverage in each of the 24 months
after a policyholder who becomes unemployed separates from an employer plan in 2016 based on whether the
policyholder lived in an expansion state (panel a) or a non-expansion state (panel b).
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Figure 2. Falsification Tests

(a) Probability of Finding Coverage in t = 1

(b) Duration of Uninsurance (c) Instantaneous Likelihood of Finding Coverage

Notes These figures depict estimates of a placebo difference-in-difference, where each control state is designated as a treated state. Each graph also depicts
our baseline estimate of the effect of the Virginia Medicaid expansion. Panel (a) reports estimates and 95% confidence intervals for the outcome measuring
the likelihood of finding coverage one month after plan separation, panel (b) reports estimates for the duration of uninsurance, measured in months, and
panel (c) reports estimates of the hazard ratio, or the instantaneous likelihood of finding coverage after plan separation.
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Figure 3. Effect of Medicaid Expansion: Heterogeneity by Earnings, Gender, and Marital Status
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(a) Probability of Finding Coverage in t = 1
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(b) Duration of Uninsurance
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(c) Instantaneous Likelihood of Finding Cov-
erage
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(d) Employer Plan
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(e) Medicaid Plan
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(f) Marketplace Plan

Notes: This figure depicts estimates of the effect of Medicaid on different sub-populations as measured in the year prior to separation: the bottom and top
25th percentile of workers based on earnings (low and high wages), women and men, and individuals who were unmarried or married. Panel (a) reports
estimates and 95% confidence intervals for the outcome measuring the likelihood of finding coverage one month after plan separation, panel (b) reports
estimates for the duration of uninsurance, measured in months, and panel (c) reports estimates of the hazard ratio, or the instantaneous likelihood of finding
coverage after plan separation, and panels (d)–(f) report estimates of the likelihood of an employer plan, Medicaid, or a marketplace plan serving as the
first source of coverage. Point estimates are reported in Tables 7 and A7.
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A. APPENDIX: FOR ONLINE PUBLICATION

Table A1
Monthly Source of Coverage by Medicaid Expansion, Unemployed: Transitions to m+1

Expansion Non-Expansion
m Uncovered Employer Marketplace Medicaid Uncovered Employer Marketplace Medicaid
Uncovered 87% 9% 1% 3% 91% 7% 1% 1%
Employer 3% 96% <0.5% 1% 4% 96% <0.5% <0.5 %
Marketplace 3% 5% 91% 2% 3% 5% 92% <0.5%
Medicaid 2% 2% <0.5% 96% 4% 2% <0.5% 94%

Notes: This table describe the Markov Transition Matrix for policyholders who separate from an employer plan
in 2016 and who are unemployed. Monthly coverage is observed for 24 months after separation. These statistics
reflect the likelihood of transitioning across coverage sources from month m to month m+1.

Table A2
U.S. and Virginia, American Community Survey 2018

U.S. Virginia

Female (%) 50.8 50.8
Median Age 38.2 38.3
Race (%)

White 75.1 71
Black or African American 14.1 21.2
American Indian or Alaska Native 1.7 1.1
Asian 6.8 8.1
Native Hawaiian and Other Pacific Islander 0.4 0.2
Other 5.5 3

Median Household Income ($) 61,937 72,577
Uninsured (% civilian, non-institutionalized) 8.9 8.8
Bachelor’s or above (%) 32.6 39.3

Population 327,167,439 8,517,685

Notes: 2018 1-year estimates from American Community Survey. Data downloaded from
https://data.census.gov/.

B. Full Population Results

For completeness, we provide all of our results using the full sample of policyholders that
separate from an employer plan. Overall, the results follow similar patterns to what was found
using the restricted sample of those who likely separated due to unexpected job loss.

Table A3 describes policyholders based on their duration of uninsurance following their
policy separation. Each column reports statistics for policyholders by the number of months
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before new coverage is observed. We describe those who remain without new coverage for at
least 24 months as “Never Covered.”

Similar to the unemployed population, policyholders are less likely to be female and less
likely to be joint filers as the duration of uninsurance increases. Prior wages decline with the
duration of the spell, suggesting positive selection out of uninsurance, though 69% of those
who remain uninsured two years later are employed in the following year. The share of people
claiming UI benefits has a U-shape in duration of first coverage, suggesting that many of the
transitions early on are by people choosing to switch jobs.

Table A4 describes the full population of separated policyholders based on the source of
their new coverage. Employer health insurance serves a a first source for a larger share than
in the unemployed sample: 77% vs 68%. This difference suggests that many plan separations
may be due to job switches. Medicaid provides a first source of coverage roughly 10% of
the sample, and the duration of uninsurance for those who purchase a Marketplace plan on
average experience roughly one extra month of uninsurance.

Figure A1 shows the point-in-time composition of insurance for each month across the
full 24 month post-separation window for all policyholders (panel a), policyholders living in
an expansion state (panel b), and policyholders living in a non-expansion state (panel c) In
each month, individuals are in one of four coverage groups: employer health plan, Medicaid,
marketplace plan, or uncovered. These figures largely reflect the same dynamics seen for the
unemployed population: Medicaid plays a large role in reducing uninsurance in expansion
states.

Table A5 reports these estimates of the likelihood of regaining coverage one month after
separation, the duration of uninsurance in months, and the Cox Proportional Hazard model
estimates, respectively. The final three columns show the probability of different sources
serving as the first new coverage.

Table A6 reports the six-month transitions across coverage types for Medicaid expan-
sion and non-expansions states, respectively.The persistence of uninsurance is 5 percentage
points higher in non-expansion states compared to expansion states (52% vs. 47%). Medi-
caid coverage appears to be more stable in expansion states, with 62% of those with Medicaid
coverage in month m having Medicaid coverage 6 months later, compared with just 58% in
non-expansion states.
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Table A3
Summary Statistics by First Month of Coverage

First Month of Coverage

1 3 6 12 24 Uncovered

Female 0.469 0.462 0.429 0.410 0.371 0.342

Married 0.477 0.352 0.296 0.290 0.254 0.274

Age
18-25 0.0940 0.0781 0.0964 0.0985 0.109 0.0949

26-44 0.530 0.607 0.577 0.563 0.563 0.558

45-62 0.376 0.314 0.326 0.339 0.328 0.347

2015 Wages 66667.9 54233.2 50427.1 51482.5 46738.1 49155.2

Employed, 2017 0.927 0.939 0.911 0.905 0.805 0.687

Unemployed 0.122 0.179 0.276 0.258 0.232 0.187

2015 MAGI
< 100% FPL 0.0517 0.0326 0.0471 0.0515 0.0611 0.0687

100-138% FPL 0.0471 0.0480 0.0620 0.0646 0.0754 0.0779

138-400% FPL 0.424 0.553 0.575 0.567 0.597 0.583

> 400% FPL 0.477 0.366 0.316 0.317 0.266 0.270

First Source of Coverage
Employer Plan 0.835 0.811 0.751 0.762 0.731 .

Marketplace Plan 0.0278 0.0872 0.0869 0.0828 0.0777 .

Medicaid Plan 0.119 0.0740 0.138 0.125 0.136 .

N 7,036,614 589,964 160,753 69,938 21,080 551,314

Notes: This table summarizes policyholders in 2016 of 2017 based on their first source of coverage after a
separation from an employer plan in 2016. See also Table 1 notes.
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Table A4
Source of New Coverage

First Source of Coverage

Employer Medicaid Marketplace

Female 0.452 0.575 0.515

Married 0.462 0.226 0.406

Age
18-25 0.0881 0.150 0.0536

26-44 0.547 0.584 0.492

45-62 0.365 0.266 0.454

2015 Wages 67434.9 31254.5 52508.7

Employed, 2017 0.954 0.823 0.767

Unemployed 0.123 0.301 0.262

2015 MAGI
<100% FPL 0.0290 0.202 0.0476

100-138% FPL 0.0364 0.156 0.0568

138-400% FPL 0.448 0.538 0.553

<400% FPL 0.487 0.103 0.343

Months of Uninsurance 2.479 2.754 3.940

N 8,269,789 1,168,444 475,348

Notes: This table summarizes policyholders in 2016 of 2017 based on their first source of coverage after a
separation from an employer plan in 2016. See also Table 1 notes.
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Figure A1. Post-Separation Coverage: All Policyholders

(a) All Policyholders

(b) Medicaid Expansion (c) Medicaid Non-Expansion

Notes These figures depict the composition of sources of health insurance coverage in each of the 24 months
after a policyholder separates from an employer plan in 2016.
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Table A5
Post-Separation Coverage Dynamics:

Policyholders Who Separate From an Employer Plan in 2016
Coverage Dynamics First Source of Coverage

Covered at Months of Hazard Employer Medicaid Marketplace
t=1 Uninsurance Ratio Plan Plan Plan
(1) (2) (3) (4) (5) (6)

Female 0.0557∗∗∗ -1.357∗∗∗ 1.174∗∗∗ -0.00953∗∗∗ 0.0691∗∗∗ 0.00697∗∗∗

(0.000401) (0.00534) (0.000986) (0.000454) (0.000281) (0.000112)

Married 0.149∗∗∗ -2.099∗∗∗ 1.302∗∗∗ 0.150∗∗∗ -0.0164∗∗∗ 0.00183∗∗∗

(0.000562) (0.00722) (0.00116) (0.000909) (0.000511) (0.000127)

Female x Married -0.0296∗∗∗ 1.061∗∗∗ 0.889∗∗∗ 0.0352∗∗∗ -0.0665∗∗∗ -0.00255∗∗∗

(0.000644) (0.00792) (0.00114) (0.000860) (0.000481) (0.000184)

Age 0.000974∗∗∗ 0.00192∗∗∗ 1.000 0.00184∗∗∗ -0.00187∗∗∗ 0.000414∗∗∗

(0.0000178) (0.000225) (0.0000292) (0.0000289) (0.0000167) (0.00000466)

Wages 0.0000255∗ -0.000332∗ 1.000∗∗∗ 0.0000532∗ -0.0000313∗ -0.00000359∗

(0.0000112) (0.000139) (0.000000285) (0.0000228) (0.0000132) (0.00000149)

Expansion State 0.102∗∗∗ -1.340∗∗∗ 1.185∗∗∗ 0.0454∗∗∗ 0.0611∗∗∗ -0.00534∗∗∗

(0.000309) (0.00403) (0.000766) (0.000369) (0.000198) (0.0000914)

Unemployed -0.161∗∗∗ 1.384∗∗∗ 0.841∗∗∗ -0.254∗∗∗ 0.0818∗∗∗ 0.0102∗∗∗

(0.000430) (0.00564) (0.000746) (0.000483) (0.000330) (0.000143)

Unconditional Mean 0.661 3.709 – 0.548 0.0798 0.0191
Month Fixed Effects ✓ ✓ ✓ ✓ ✓ ✓
N 10,643,393 10,643,393 10,643,393 10,097,925 10,097,925 10,097,925

Notes: This table reports results results from estimating a OLS model (cols 1,2, 4, 5, 6) and a Cox Proportional Hazard model (col 3). Analysis is based
on policyholders who separate from an employer plan in 2016. See also Table 4 and Section 3 for more details.

53



Table A6
Monthly Source of Coverage by Medicaid Expansion: Transitions to m+6

Expansion Non-Expansion
m Uncovered Employer Marketplace Medicaid Uncovered Employer Marketplace Medicaid
Uncovered 47% 44% 2% 7% 52% 43% 3% 3%
Employer 6% 91% 1% 2% 8% 90% 1% 1%
Marketplace 7% 39% 50% 5% 9% 38% 52% 2%
Medicaid 7% 30% 1% 62% 12% 29% 1% 58%

Notes: This table describe the coverage transitions for all policyholders who separate from an employer plan in
2016 by whether they lived in an expansion state (left panel) or a non-expansion state (right panel). Monthly
coverage is observed for 24 months after separation. These statistics reflect the likelihood of transitioning across
coverage sources from month m to month m+6.

Table A7
Coverage Dynamics: Heterogeneity by Gender and Marital Status

Coverage Dynamics First Source of Coverage

Covered at Months of Hazard Employer Medicaid Marketplace
t=1 Uninsurance Ratio Plan Plan Plan
(1) (2) (3) (4) (5) (6)

Panel A. Women

2019 × VA 0.0855∗∗∗ -0.623∗∗∗ 1.211∗∗∗ -0.108∗∗∗ 0.172∗∗∗ -0.0529∗∗∗

(0.00917) (0.0633) (0.0269) (0.00979) (0.00837) (0.00616)

Pre-Treatment Mean 0.414 4.00 – 0.733 0.156 0.0983
N 166,755 166,755 166,755 112,125 112,125 112,125

Panel B. Men

2019 × VA 0.0478∗∗∗ -0.357∗∗∗ 1.127∗∗∗ -0.0932∗∗∗ 0.131∗∗∗ -0.0190∗∗∗

(0.00879) (0.0610) (0.0246) (0.00881) (0.00567) (0.00525)

Pre-Treatment Mean 0.402 4.180 – 0.817 0.0436 0.0656
N 189,866 189,866 189,866 124,989 124,989 124,989

Panel C. Unmarried

2019 × VA 0.0836∗∗∗ -0.659∗∗∗ 1.245∗∗∗ -0.126∗∗∗ 0.180∗∗∗ -0.0447∗∗∗

(0.00758) (0.0548) (0.0245) (0.00877) (0.00714) (0.00511)

Pre-Treatment Mean 0.334 4.58 – 0.731 0.138 0.0875
N 234,040 234,040 234,040 146,405 146,405 146,405

Panel D. Married

2019 × VA 0.0317∗∗ -0.158∗ 1.051 -0.0493∗∗∗ 0.0950∗∗∗ -0.0200∗∗

(0.0115) (0.0735) (0.0268) (0.00972) (0.00622) (0.00656)

Pre-Treatment Mean 0.545 3.181 – 0.847 0.0362 0.0719
N 122,581 122,581 122,581 90,709 90,709 90,709

Notes: This table reports the effect of Medicaid Expansion on post-separation coverage dynamics using a
difference-in-differences identification strategy. Panels A and B report estimates based on the subsample of
female or male policyholders, respectively. Panels C and D report estimates based on the subsample of unmar-
ried and married filers (as proxied by non-joint and joint filing status), respectively. Pre-treatment mean measured
in Virginia in 2018. See Section 5 for more details.
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C. Survival Models

If M is a non-negative random variable denoting time to regaining insurance, then its survivor
function S(m) is defined as follows

S(m) = 1−F(m) = P(M > m),

and characterizes the probability of remaining uninsured after month m.

An empirical counterpart to the survivor function is a hazard function, h(m), or the con-
ditional failure rate. The hazard function describing the instantaneous likelihood of regaining
coverage, conditional on an individual having been uninsured until month m can be written as
follows:

h(m) = lim
∆m→0

Pr(m+∆m > M > m|M > m)

∆m
=

f (m)

S(m)
.

We estimate h(m) assuming a Cox proportional hazard model, which is a semiparametric
model that is agnostic about the shape of the hazard function and assumes that covariates
multiplicatively shift the baseline hazard function.

In discrete time, it is common that subjects are not observed from the onset of risk, m =
0. Indeed, this is the case in our dataset–we cannot observe periods of uninsurance that are
smaller than one month given the discrete nature of our data. In other words, individuals who
go uncovered for a matter of weeks between policies will appear to the econometrician as
having regained coverage one month later. However, this does not affect the hazard function,
which is an instantaneous rate that is not a function of the past.

The hazard rate for the jth individual in the data is

h(m|x j) = h0(m)exp(x jβx)

We include the same covariates in the model for x j as in the OLS model.

Finally, the interpretation of the estimated coefficients comes from the ratio of two indi-
vidual hazards:

h(m|x j)

h(m|xm)
=

exp(x jβx)

exp(xmβx)
.

Exponentiated coefficients are interpreted as the ratio of hazards for a one-unit change in the
corresponding covariate. For example, the coefficient for a gender dummy variable, f emale,
is interpreted as the ratio of the hazard for women compared to men. When β̂ > 1 (β̂ < 1), this
implies that women are more (less) likely than men to regain coverage. Statistical significance
is interpreted based on a null hypothesis that the exponentiated coefficient is equal to one. A
rejection of this null hypothesis for the gender dummy would then imply that there is enough
statistical evidence to reject the null hypothesis that women and men are equally likely to
instantaneously regain coverage.
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